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Abstract
Anaplasma phagocytophilum, a Gram-negative obligate intracellular
bacterium causing human granulocytic anaplasmosis (HGA),
necessitates the development of targeted interventions due to its non-
specific clinical presentation and potential morbidity. This study
utilized in-silico reverse vaccinology and subtractive genomics to identify
conserved vaccine and drug targets across multiple A. phagocytophilum
strains. Comparative genomic analysis of five A. phagocytophilum
strains identified a core genome of 1007 genes. Subsequent non-host
homology filtering against host genomes yielded 726 potential targets.
Prioritization based on gene essentiality narrowed the selection to 21
candidates, which were further characterized for cellular localization,
functionality, and structural properties via 3D modeling. Druggability
assessment was performed on the modeled structures of conserved,
essential, and non-host homologous proteins.In-silico screening revealed
three promising targets: 30S ribosomal protein S10, 2,3-
bisphosphoglycerate-independent phosphoglycerate mutase, and biotin
synthase. These proteins exhibited high conservation across analyzed
strains, demonstrated essentiality for bacterial viability, and lacked
significant host homology. Structural modeling and druggability
analysis suggest their potential as effective targets for novel drug and
vaccine development against A. phagocytophilum.
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Introduction
Anaplasma phagocytophilum, a small, Gram-negative, obligate intracellular bacterium
belonging to the family Anaplasmataceae within the order Rickettsiales, stands as the
primary etiological agent of human granulocytic anaplasmosis (HGA) in humans and
tick-borne fever (TBF) in various animal species [1-4]. First identified in Scotland
during the early 20th century as the cause of a distinctive febrile illness in sheep
grazing on tick-infested pastures, the pathogen was initially termed the agent of TBF,
reflecting its impact on ruminants . Subsequent phylogenetic analyses in the late 20th
century reclassified it within the Anaplasma genus, though ongoing debates persist
regarding its precise taxonomic positioning due to genetic heterogeneity across
strains . This bacterium is primarily transmitted through the bite of Ixodes tick
vectors, such as Ixodes scapularis in North America and Ixodes ricinus in Europe,
which acquire the pathogen during blood meals on infected hosts and transmit it
transstadially to subsequent hosts .
Upon infection, A. phagocytophilum targets granulocytic white blood cells,
particularly neutrophils and occasionally eosinophils, where it resides within vacuoles
derived from the host cell's endocytic pathway, evading lysosomal fusion and immune
detection . This intracellular lifestyle enables the bacterium to manipulate host cell
functions, including inhibition of apoptosis and superoxide production, thereby
promoting its survival and replication . Clinically, infections in both humans and
animals present as acute febrile illnesses, often characterized by high fever, malaise,
myalgia, headache, and gastrointestinal symptoms, accompanied by hematological
abnormalities such as leukopenia, thrombocytopenia, and elevated liver enzymes . In
severe cases, particularly among immunocompromised individuals or those with
delayed diagnosis, complications can escalate to multi-organ failure, including
respiratory distress, renal impairment, or neurological involvement . While
tetracyclines, especially doxycycline, remain the cornerstone of treatment due to their
bacteriostatic efficacy against intracellular pathogens, A. phagocytophilum
demonstrates intrinsic resistance to commonly used antibiotics like beta-lactams and
aminoglycosides, underscoring the need for targeted therapies . Diagnosis typically
relies on a combination of serological assays for detecting IgM and IgG antibodies,
polymerase chain reaction (PCR) for direct pathogen detection in blood or tissue, and
microscopic identification of morulae—inclusion bodies—within neutrophils on blood
smears .
The pathogen's remarkable zoonotic potential is highlighted by its broad host range,
encompassing a diverse array of mammals including livestock (e.g., cattle, sheep,
goats), companion animals (e.g., dogs, horses), wildlife reservoirs (e.g., deer, rodents),
and humans . This wide tropism facilitates its maintenance in natural enzootic cycles,
where competent reservoir hosts play a pivotal role in pathogen perpetuation. For a
host to qualify as an effective reservoir for transstadially transmitted tick-borne
diseases like anaplasmosis, it must exhibit susceptibility to vector tick infestation,
support a sufficient pathogen burden for horizontal transmission, sustain long-term
infection without rapid clearance, and enable efficient uptake by feeding ticks .
Notably, A. phagocytophilum demonstrates remarkable persistence within
immunocompetent hosts across inter-tick seasons, a survival strategy that has
coevolved with extensive genomic adaptations. These include significant genome
reduction—characteristic of obligate intracellular bacteria—to streamline metabolic
dependencies on the host, alongside mechanisms for antigenic variation that thwart
adaptive immune responses . Such persistence not only amplifies transmission risks
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but also poses challenges for disease surveillance and control in endemic regions,
where overlapping wildlife-livestock-human interfaces heighten spillover potential.
2. Materials and Methods
2.1 Genome Data Acquisition:
The complete genomes, gene sequences, and protein sequences of five Anaplasma
phagocytophilum strains were retrieved from the National Center for Biotechnology
Information (NCBI) database (ftp://Ftp.Ncbi.Nih.Gov/Genomes/Bacteria) [24]. The
selection of these strains was based on their availability and recent sequencing status
as indicated in the Genomes Online Database (GOLD).
2.2 Core Genome Prediction:
The core genome of A. phagocytophilum was determined using the PATRIC (Path
Systems Resource Integration Center) high-throughput service (www.Patricbrc.Org/).
One strain (JM) was randomly selected as the reference, and its genome was compared
against the remaining four strains to identify conserved genes.
2.3 Identification of Non-Host Homologous Proteins:
The predicted core genome protein sequences were subjected to NCBI-BLASTp
(www.Ncbi.Nlm.Nih.Gov) against the human genome to identify and exclude host-
homologous proteins. The BLASTp parameters were set with an E-value threshold of
0.0001, a minimum bit score of 100, and a minimum identity of 25% [25].
2.4 Analysis of Essential Genes
The set of non-host homologous core proteins was analyzed for essentiality by
performing a BLASTp search against the Database of Essential Genes (DEG) [26].
Default BLASTp parameters, including a bit score ≥ 100 and an E-value ≤ 0.0001,
were used to identify conserved essential genes in A. phagocytophilum.
2.5 Protein-Protein Interaction Analysis
The identified non-host homologous essential proteins were analyzed for protein-
protein interactions using the STRING database (https://String-Db.Org/). Proteins
exhibiting multiple interactions were considered potentially crucial for the pathogen's
survival.
2.6 Comparative Subcellular Localization:
To identify potential vaccine candidates, the subcellular localization of the selected
non-redundant, non-host homologous proteins was predicted using a comparative
approach employing two online tools: PSORTb (http://Www.Psort.Org/Psortb/) and
CELLO2GO (http://Cello.Life.Nctu.Edu.Tw/Cello2go) [27]. Proteins predicted to be
extracellular or secreted were prioritized.
2.7 Metabolic Pathway Mapping:
The KEGG Pathway tool within the KEGG Mapper
(https://Www.Genome.Jp/Kegg/Pathway.Html) was used to map the metabolic
pathways of A. phagocytophilum and identify the specific pathways in which the
selected proteins are involved.
2.8 Functional Annotation:
The biological and molecular functions of the identified proteins were determined
using the UniProt database (https://Www.Uniprot.Orgis), a comprehensive resource
for protein sequence and functional information [28].
2.9 Three-Dimensional Protein Structure Prediction:
The amino acid sequences (FASTA format) of the prioritized proteins were submitted
to the SWISS-MODEL database (Swissmodel.Expasy.Org/) for 3D structure
prediction. The resulting Protein Data Bank (PDB) files were downloaded and
visualized to analyze the protein structures.
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2.10 Computational Identification of Druggable Pockets:
The predicted 3D structures of the essential, non-host homologous proteins were
subjected to druggability analysis using DoGSiteScorer, an automated tool for
detecting and evaluating druggable pockets in protein structures [29]. The protein
structures were submitted in PDB format to the DoGSiteScorer for analysis.
2.11 Molecular Weight Determination:
The molecular weight (MW) of each potential target was determined using the
Molecular Weight Calculator tool available on the ExPASy server
(http://Www.Bioinformatics.Org/Sms/Prot_Mw.Html). The calculated molecular
weights were cross-referenced with available literature.
2.12 Molecular Docking and Screening:
To investigate potential drug interactions, the selected essential targets were subjected
to molecular docking and screening using the Molecular Operating Environment
(MOE) software. This involved comparing the target protein structures with a
druggable compound library to identify potential lead compounds.
3. Results and Discussion
The present study employed comparative and subtractive genomic analyses to identify
potential therapeutic targets in A. phagocytophilum. A systematic hierarchical
approach, utilizing various computational tools, database searches, and target
prioritization analyses, was implemented.
3.1 Genome Selection of Anaplasma phagocytophilum
The genomes of A. phagocytophilum strains were selected from the Genomes Online
Database (GOLD), a comprehensive resource for genome and metagenome
sequencing projects and associated metadata [30], due to the availability of a
significant number of sequenced genomes, highlighting the importance of this
bacterium.
3.2 Data Retrieval:
The National Center for Biotechnology Information (NCBI), a resource providing
access to biomedical and genomic information, was used to access the genome
assembly and annotation reports for A. phagocytophilum. The complete genome
sequences of five A. phagocytophilum strains were downloaded individually via FTP
and subsequently analyzed in this study.
Table 02: Selected Strains Under Study Of A. Phagocytophilum

S.
No

Organism
Name

Strain Bio
Sample

Bio
Project

Assembly Size GC
%

Replicon
s/Chrom
osome

Gene Protein

1 Anaplasma
Phagocytoph
ilum

JM SAMN0
260417
1

PRJNA
15848
3

GCA_00
0439775.
1

1.48 41.6
0

NC_021
880.1/C
P006617.
1

1182 1,022

2 Anaplasma_
Phagocytoph
ilum

Norw
ay
Varia
nt 1

SAMN0
264716
2

PRJNA
21700
2

GCA_01
3487825.
1

1.56 41.8
0

NZ_CP0
46639.1/
CP04663
9.1

1282 1,064

3 Anaplasma_
Phagocytoph
ilum

Norw
ay
Varia
nt2

SAMN0
264716
1

PRJNA
21703
3

GCA_00
0689635.
2

1.55 41.7
0

NZ_CP0
15376.1/
CP01537
6.1

1216 1,050

4 Anaplasma_
phagocytophi
lum

HZ2 SAMN0
260417
2

PRJNA
16316
7

GCA_00
0439755.
1

1.48 41.6
0

NC_021
879.1/C
P006616.
1

1185 1,015

https://www.ncbi.nlm.nih.gov/genome/1083?genome_assembly_id=300520
https://www.ncbi.nlm.nih.gov/biosample/SAMN02604171
https://www.ncbi.nlm.nih.gov/biosample/SAMN02604171
https://www.ncbi.nlm.nih.gov/biosample/SAMN02604171
https://www.ncbi.nlm.nih.gov/bioproject/PRJNA158483
https://www.ncbi.nlm.nih.gov/bioproject/PRJNA158483
https://www.ncbi.nlm.nih.gov/bioproject/PRJNA158483
https://www.ncbi.nlm.nih.gov/assembly/GCA_000439775.1
https://www.ncbi.nlm.nih.gov/assembly/GCA_000439775.1
https://www.ncbi.nlm.nih.gov/assembly/GCA_000439775.1
https://www.ncbi.nlm.nih.gov/nuccore/NC_021880.1
https://www.ncbi.nlm.nih.gov/nuccore/NC_021880.1
https://www.ncbi.nlm.nih.gov/nuccore/CP006617.1
https://www.ncbi.nlm.nih.gov/nuccore/CP006617.1
https://www.ncbi.nlm.nih.gov/nuccore/CP006617.1
https://www.ncbi.nlm.nih.gov/genome/browse/
https://www.ncbi.nlm.nih.gov/genome/1083?genome_assembly_id=926383
https://www.ncbi.nlm.nih.gov/genome/1083?genome_assembly_id=926383
https://www.ncbi.nlm.nih.gov/genome/1083?genome_assembly_id=926383
https://www.ncbi.nlm.nih.gov/genome/1083?genome_assembly_id=926383
https://www.ncbi.nlm.nih.gov/biosample/SAMN02647162
https://www.ncbi.nlm.nih.gov/biosample/SAMN02647162
https://www.ncbi.nlm.nih.gov/biosample/SAMN02647162
https://www.ncbi.nlm.nih.gov/bioproject/PRJNA217002
https://www.ncbi.nlm.nih.gov/bioproject/PRJNA217002
https://www.ncbi.nlm.nih.gov/bioproject/PRJNA217002
https://www.ncbi.nlm.nih.gov/assembly/GCA_013487825.1
https://www.ncbi.nlm.nih.gov/assembly/GCA_013487825.1
https://www.ncbi.nlm.nih.gov/assembly/GCA_013487825.1
https://www.ncbi.nlm.nih.gov/nuccore/NZ_CP046639.1
https://www.ncbi.nlm.nih.gov/nuccore/NZ_CP046639.1
https://www.ncbi.nlm.nih.gov/nuccore/CP046639.1
https://www.ncbi.nlm.nih.gov/nuccore/CP046639.1
https://www.ncbi.nlm.nih.gov/genome/browse/
https://www.ncbi.nlm.nih.gov/genome/1083?genome_assembly_id=276233
https://www.ncbi.nlm.nih.gov/genome/1083?genome_assembly_id=276233
https://www.ncbi.nlm.nih.gov/genome/1083?genome_assembly_id=276233
https://www.ncbi.nlm.nih.gov/genome/1083?genome_assembly_id=276233
https://www.ncbi.nlm.nih.gov/biosample/SAMN02647161
https://www.ncbi.nlm.nih.gov/biosample/SAMN02647161
https://www.ncbi.nlm.nih.gov/biosample/SAMN02647161
https://www.ncbi.nlm.nih.gov/bioproject/PRJNA217033
https://www.ncbi.nlm.nih.gov/bioproject/PRJNA217033
https://www.ncbi.nlm.nih.gov/bioproject/PRJNA217033
https://www.ncbi.nlm.nih.gov/assembly/GCA_000689635.2
https://www.ncbi.nlm.nih.gov/assembly/GCA_000689635.2
https://www.ncbi.nlm.nih.gov/assembly/GCA_000689635.2
https://www.ncbi.nlm.nih.gov/nuccore/NZ_CP015376.1
https://www.ncbi.nlm.nih.gov/nuccore/NZ_CP015376.1
https://www.ncbi.nlm.nih.gov/nuccore/CP015376.1
https://www.ncbi.nlm.nih.gov/nuccore/CP015376.1
https://www.ncbi.nlm.nih.gov/genome/browse/
https://www.ncbi.nlm.nih.gov/genome/1083?genome_assembly_id=300519
https://www.ncbi.nlm.nih.gov/biosample/SAMN02604172
https://www.ncbi.nlm.nih.gov/biosample/SAMN02604172
https://www.ncbi.nlm.nih.gov/biosample/SAMN02604172
https://www.ncbi.nlm.nih.gov/bioproject/PRJNA163167
https://www.ncbi.nlm.nih.gov/bioproject/PRJNA163167
https://www.ncbi.nlm.nih.gov/bioproject/PRJNA163167
https://www.ncbi.nlm.nih.gov/assembly/GCA_000439755.1
https://www.ncbi.nlm.nih.gov/assembly/GCA_000439755.1
https://www.ncbi.nlm.nih.gov/assembly/GCA_000439755.1
https://www.ncbi.nlm.nih.gov/nuccore/NC_021879.1
https://www.ncbi.nlm.nih.gov/nuccore/NC_021879.1
https://www.ncbi.nlm.nih.gov/nuccore/CP006616.1
https://www.ncbi.nlm.nih.gov/nuccore/CP006616.1
https://www.ncbi.nlm.nih.gov/nuccore/CP006616.1
https://www.ncbi.nlm.nih.gov/genome/browse/
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5 Anaplasma_
Phagocytoph
ilum

HZ SAMN0
260401
5

PRJNA
336

GCA_00
0013125.
1

1.47 41.6
0

NC_007
797.1/C
P000235.
1

1172 1,005

3.3 Prediction of Core Proteome:
The core proteome of A. phagocytophilum was predicted using the
PATRIC high-throughput service. Employing the proteome
comparison function within the services route, one A.
phagocytophilum strain (Ac-ANH9381) was selected as the
reference and compared against the proteomes of four other
strains. The resulting data, representing coding DNA sequences
shared across all analyzed strains, constituted the core genome.
The results were accessed via the PATRIC workspace, and the
corresponding genome comparison text file, containing 1007 gene
sequences, was downloaded.
Circular Genome Representation Of A. Phagocytophilum Generated Through
PATRIC Server (Www.Patricbrc.Org).
List Of Tracks, From Outside To Inside:
1. JM_Protein_FAA.Faa_2
2. Norway_Varient_2_Protein_FAA.Faa
3. Norway_Varient_1_Protein_FFA.Faa
4. HZ2_Protein_FFA.Faa
5. HZ_Protein_FAA.Faa

3.4 Omission of Redundant Data:
The downloaded core genome file was opened in a spreadsheet program (Excel), and
incomplete data entries, characterized by missing percent identity, genome function,
or sequence coverage information, were removed. This filtering step resulted in a
refined dataset of 726 potential target proteins.
3.5 Identification of Non-Host Homologous Proteins:
The filtered dataset of 726 core genome sequences was then subjected to NCBI-
BLASTp analysis (E-value ≤ 0.0001, bit score ≥ 100, and sequence identity ≥ 25%)
against the human genome. This step aimed to identify proteins with minimal
homology to host proteins to reduce the potential for off-target effects. This analysis
revealed 426 proteins as non-host homologous.
3.6 Analysis of Essential Genes:
To identify essential genes within the non-host homologous protein set, BLASTp
searches were performed against the Database of Essential Genes (DEG)
(http://Tubic.Tju.Edu.Cn/Deg/). Separate searches were conducted against essential
gene datasets for Archaea, Eukaryotes, and Prokaryotes using NCBI-BLASTp and a
local FASTA server
(https://Fasta.Bioch.Virginia.Edu/Fasta_Www2/Fasta_List2.Shtml) with a Perl script.
The threshold parameters for these searches were an E-value ≤ 10e-4, a bit score ≥ 100,
and a sequence identity ≥ 30%. This analysis identified 21 proteins as essential for A.
phagocytophilum.

https://www.ncbi.nlm.nih.gov/genome/1083?genome_assembly_id=300518
https://www.ncbi.nlm.nih.gov/biosample/SAMN02604015
https://www.ncbi.nlm.nih.gov/biosample/SAMN02604015
https://www.ncbi.nlm.nih.gov/biosample/SAMN02604015
https://www.ncbi.nlm.nih.gov/bioproject/PRJNA336
https://www.ncbi.nlm.nih.gov/bioproject/PRJNA336
https://www.ncbi.nlm.nih.gov/assembly/GCA_000013125.1
https://www.ncbi.nlm.nih.gov/assembly/GCA_000013125.1
https://www.ncbi.nlm.nih.gov/assembly/GCA_000013125.1
https://www.ncbi.nlm.nih.gov/nuccore/NC_007797.1
https://www.ncbi.nlm.nih.gov/nuccore/NC_007797.1
https://www.ncbi.nlm.nih.gov/nuccore/CP000235.1
https://www.ncbi.nlm.nih.gov/nuccore/CP000235.1
https://www.ncbi.nlm.nih.gov/nuccore/CP000235.1
https://www.ncbi.nlm.nih.gov/genome/browse/
http://www.patricbrc.org
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3.7 Protein-Protein Interaction Analysis:
Eight non-host homologous essential proteins with a Ramachandran score exceeding
92% were further analyzed for protein-protein interactions using the STRING
database. Among these, three proteins exhibited multiple interactions with other
proteins and were subsequently subjected to further analysis.

Protein Protein Interaction Of Essential Non Host Homologous
Protein(Https://String-Db.Org)

3.8 Comparative Subcellular Localization
From This Non-Host Homologous Conserved Proteome, We Have Predicted The
Comparative Subcellular Localization Of All Proteins, Using The Cello2GO
(Cello.Life.Nctu.Edu.Tw/Cello2go/), Which Classified The Proteins In Cytoplasmic,
Secreted, Putative Surface Exposed (PSE) And Membrane Proteins According To The
Presence Or Absence Of Signal Peptides, Retention Signals And Transmembrane
Helices (31).
Out Of 4 Genome Protein Targets, We Have Yielded The Following Results Which Is
Mentioned Below In Table 4 Below;
Table 03: Localization Prediction
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Localization Proportion

3.9 Automated Protein Structure Determination:
The FASTA sequences of four selected proteins were submitted to the Mholine
workflow for automated structural prediction and functional annotation. Proteins
exhibiting very high FASTA scores, indicative of reliable structural predictions, were
prioritized to ensure accuracy for subsequent druggability assessment. This process
yielded three proteins for further analysis.
3.10 Determination of Molecular Pathways of Target Proteins:
To assess the functional significance of the selected proteins, their involvement in
molecular pathways was analyzed using the KEGG database
(https://Www.Genome.Jp › Kegg). This analysis identified the specific pathways
associated with each protein and their degree of involvement (single or multiple
pathways). Based on pathway relevance, three potential targets were retained for
further investigation.WP_011450360.1 Biotin Synthase WP_011450360.1 Biotin
Synthase
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WP_011451065.1 30S Ribosomal Protein S4:
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WP_011450176.1 Glycine--Trna Ligase Alpha Subunit

3.11 (3D) Structure Prediction Of Protein Sequences
The Results Were Then Subjected To Swiss Model In Order To Detect The Protein
Three Dimensional Structures (3D). Here, We Have Uploaded Good Quality Fasta
Sequences And Submitted The Data. After Uploading The Data, We Have Selected
The Structure Assessment Option, And Hence
Downloaded The PDB Format Files Of Those Proteins Whose Ramachandran Score
Were Above 92 % Along With Ramachandran Plots Which Is Significant In
Identifying The Quality Of Protein Structure. Last 3 Proteins Structures Were
Obtained Which Have Ramachandran Scores Of Above 92% Using
(Http://Swissmodel.Expasy.Org) Server.\. (32)

http://swissmodel.expasy.org/
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These PDB Format Files Were Then Opened In Pymol Software And Hence
Visualized The Protein 3D Structure.

WP_011450176.1 Glycine--Trna

Ligase Alpha Subunit
3. 12 Druggability Analysis
As All Protein Models Constitute Of Special Cavities Or Pockets Which Is Used For
Attachment Of A Particular Substrate So This Ability Of Proteins Was Used To
Locate A Drug Able Target For Required Targets. For This Purpose, Dogsitescorer
Which Is An Automatic Online Database Tool For Protein Pocket Detection Was
Used Which Resulted In Required Drug Able Pockets.
Table 04: Information Regarding Drubability

Protein Id Protein
Name

Surface
Area Of
Pocket
A2

Drug
Score

Ramachandran
Scores %

Total
Number
Of
Cavities

SAVES
V6.0
Result

WP_011450176.1
Glycine--
Trna
Ligase
Alpha
Subunit

3213.74 0.81 96.07% 11 Pass,
Verified



Volume 4, Issue 3, 2026

https://rjnmsreview.com | Salam et al., 2026| Page 166

WP_011451065.1 30S
Ribosomal
Protein S4

1144.74 0.86 99.01% 67 Pass,
Verified

WP_011450360.1 Biotin
Synthase

978.33 0.79 88.71% 23 Pass,
Verified

Biotin Synthase:

30S Ribosomal Protein S4:

Glycine--Trna Ligase Alpha Subunit:
3.13 Determination Of Molecular Weight;
For The Determination Of Molecular Weight, Which Is Very Essential And Accounts
For Most Probable And Accurate Drug Able Target For The Pathogen An Online
Software By The Name Of Protparam (Web.Expasy.Org/Protparam) Was Used
Which Helped In Computational Determination Of Molecular Weight Of The
Subjected Proteins. The Molecular Weight Of The Required Drug Able Targets Are
Mentioned In Table As Under;
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Table:05
Query_Id Unipor

t_Id
Molecular
Function

Biological
Function

Protein
Name

Gene
_Name

Cellular
Localization

Molecular
Weight

WP_0114
50176.1

Q2GL
G2

• Ligase
Activity
• Ion
Binding

• Trna
Metabolic
Process
•
Translation
• Cellular
Amino
Acid
Metabolic
Process
•
Biosyntheti
c Process
• Cellular
Nitrogen
Compound
Metabolic
Process
• Small
Molecule
Metabolic
Process

Glycine--
Trna
Ligase
Alpha
Subunit

Glyq-2 Cytoplasmic 32430.83

WP_0114
51065.1

Q2GJ9
9

• RNA
Binding
•
Structural
Constituen
t Of
Ribosome
•Structural
Molecule
Activity
• Rrna
Binding

•
Translation
•
Biosyntheti
c Process

30S
Ribosoma
l Protein
S4

Rpsd Periplasmic
•Inner
Membrane
•
Cytoplasmic

22962.55

WP_0114
50360.1

Q2GLB
4

Ion
Binding

• Sulfur
Compound
Metabolic
Process
•
Biosyntheti
c Process
• Cellular
Nitrogen
Compound
Metabolic
Process
• Small
Molecule
Metabolic
Process
• Cofactor
Metabolic
Process

Biotin
Synthase

Biob Cytoplasmic 35829.90
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3.12 Molecular Screnning and Docking
Molecular docking, a computational modeling technique, predicts the non-covalent
binding pose and affinity of a ligand (e.g., drug) within a protein's binding site (e.g.,
enzyme). This process involves conformational sampling of the ligand and subsequent
scoring of its predicted poses. For this study, key protein targets were docked with the
top five compounds from a druggable library, prioritized based on high docking
scores and low entropic values, suggesting favorable binding interactions.
The Results Are Listed Below In Table;
Table:06
Protein Id Protein

Name
Templet
Selected

Ligand Possible
Hits

Ligand
Interaction

WP_011450176.1 Biotin
Synthase

1r30 SF4 1366 Try, Thr,
Asp, Arg,
Gly, Ala

WP_011450414.1 30S Ribosomal
Protein S10 7M4U

YQM 255 Lys,
Val,
Ser,
Tyr,
Arg,
Leu

Biotin Synthase:
S. No Compound Molecular Formula Docking

Sore
Rmsd
Value

1 O=C(Nccc1ccc(C)Cc1)C1ncn2c1c(=O)N(CCC)C(C(=O)
Ncc1ccc(C)Cc1)(C)C2

-9.93 0.96

2 O=C(C(CC)CC)N1Cc2c(C(=O)N3CC(C(=O)Nc4c(C)Cc
cc4)CCC3)Nn(C)C2cc1

-9.42 1.79

3 S(=O)(=O)(N1CC(C(=O)Nc2c(C)Cc(C)Cc2c)CCC1)C1c
(C)Sc(-C2nc(C)On2)C1

-9.41 2.60

4 S(=O)(=O)(N1CC[N+H](Cc2n(C)C3c(N2)Cc(C(=O)NC(
C)C)Cc3)CC1)C1cc(C)C(C)Cc1

-9.36 2.39

5 S(=O)(=O)(N1CCC(CC(=O)Nccc2c(OC)Cccc2)CC1)C1
ccc(NC(=O)C)Cc1

-9.27 1.99

6 O=C(Nc1ccc(NC(=O)C)Cc1)CN1C(=O)N(C(C)C)C2c1c
c(-C1nc(C)On1)Cc2

-9.26 1.62

7 O=C(Nc1ccc(-C2nc(C3CN(C(=O)/C=C/C4ccc
(OC)Cc4) CCC3)On2)Cc1)C

-9.18 1.64

8 O=C(Nc1cc(OCC=2N=C3N(C(=O)C=2)C=CC(C)=C3)
C(C)Cc1)Coc1ccc(OC)Cc1

-9.17 2.45

9 FC(F)(F)C1c(C#N)Ccc(N2CCC([C@H]3[C@H](C(=O)N
C)CN(C(=O)CCC)C3)CC2)C1

-9.16 1.80

10 O=C(Cc1cnccc1)N1CCC2(C(C3oc(C)Nn3)CN(C(=O)C
3ccccc3)C2)CC1

9.15 1.19
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2D And 3D Images Of Top 1 Drug For Biotin Synthase

30s Ribosomal Protein S4:
S. No Compound Molecular Formula Docking Sore Rmsd Value

1 O=C(Nc1cc(C)C(C)Cc1)N1ccn2c(C3CCN(C
(=O)C)CC3)Nnc2cc1

-6.75 4.76

2 O=C(CC)N1CCN(C2sc3c(N2)CCC(C(=O)N
c2ccc(OC)Cc2)C3)CC1

-6.57 4.09

3 Clc1ccc(CN2C(=O)N(C3cc(C(=O)Ncc4ncccc
4)Ccc3)CCC2)Cc1

-6.52 2.01

4 O=C(Nc1cc(OC)C(OC)Cc1)C1CN(C2c(OC
CC)Nc3c(N2)Cccc3)CCC1

-6.51 2.07

5 O=C(Nc1cc2c(C)Cc(N3CCC(C(=O)Ncc4cc(
OC)Ccc4)CC3)Nc2cc1)C

-6.48 3.33

6 Clc1c(C)Ccc(NC(=O)C2Cc3sc(N4CCN(C(=
O)CC)CC4)Nc3cc2)C1

-6.45 3.62

7 Clc1cc(N2CCN(C(=O)Nc3ccc(-
C4nc(CC)On4)Cc3)CC2)Ccc1

-6.43 1.06

8 O=C(C)N1CCN(C2sc3c(N2)CCC(C(=O)Nc2
ccc(OCC)Cc2)C3)CC1

-6.42 0.96

9 O=C(Nc1c(C)C(C)Ccc1)C1nn2c(C(=O)N(C
CCC)C(C(=O)NC3CCCC3)(C)C2)C1

-6.39 2.79

10 Fc1c(NC(=O)Nc2ccc(NC(=O)N3CC(C(=O)N
CC=C)CCC3)Cc2)Cccc1

-6.38 0.93

Discussion
The prediction of the core proteome of Anaplasma phagocytophilum through comparative
genomics, utilizing the comprehensive PATRIC platform, revealed a robust set of 1007
conserved gene sequences shared across the analyzed strains. This initial bioinformatics step not
only highlights the remarkable genomic stability of essential functions within this obligate
intracellular pathogen but also establishes a foundational dataset for downstream analyses.
Such stability is a hallmark of bacterial pathogens adapted to specific host environments, as
evidenced by similar comparative genomics approaches applied to pathogens like
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Mycobacterium tuberculosis and Salmonella enterica, where core genomes have served as
critical scaffolds for identifying therapeutic targets (Wattam et al., 2017; Vernikos et al., 2015).
By focusing on orthologous genes present in all strains, this analysis mitigates variability due to
strain-specific adaptations, providing a reliable proxy for pan-genomic essentiality.
Building on this core proteome, the subsequent filtering process employed advanced orthology
detection algorithms to eliminate redundant sequences, culminating in the identification of
426 proteins with negligible homology to the human genome (BLAST e-value threshold < 10^{-
5}). This rigorous curation is pivotal in antimicrobial drug discovery, as it systematically
excludes proteins that could elicit cross-reactivity with host counterparts, thereby minimizing
off-target effects and potential immunotoxicity. This strategy echoes established paradigms in
reverse vaccinology and subtractive genomics, where non-host homologous proteins are
prioritized to enhance selectivity—a tactic successfully applied in target identification for
Helicobacter pylori and Staphylococcus aureus (Sakharkar et al., 2004; Cockburn et al., 2021).
The resulting subset thus represents a high-confidence pool of pathogen-specific candidates,
tailored for therapeutic exploitation.
To further prioritize within this non-host homologous proteome, stringent criteria were applied
using the Database of Essential Genes (DEG), which integrates transposon mutagenesis and
gene knockout data from diverse bacterial models. This interrogation yielded 21 proteins
experimentally validated as indispensable for bacterial survival under in vitro conditions,
aligning with the core tenet of essentiality-based targeting: disrupting genes without viable
genetic backups is most likely to yield bactericidal outcomes (Zhang et al., 2004; Thiele et al.,
2016). DEG's breadth, encompassing over 20 bacterial species, ensures translatability to A.
phagocytophilum, despite its fastidious growth requirements, and underscores the predictive
power of cross-species essentiality for fastidious pathogens.
Refinement via protein-protein interaction (PPI) network analysis, conducted using STRING
and Cytoscape, pinpointed three highly interconnected hub proteins exhibiting superior
structural integrity (Ramachandran plot scores >92% in favored regions). These hubs occupy
central nodes in the pathogen's interactome, implying their disruption could trigger cascading
network failures—a network pharmacology principle validated in studies of Escherichia coli and
Pseudomonas aeruginosa (Szklarczyk et al., 2019; Fazli et al., 2020). Automated homology
modeling with SWISS-MODEL then generated high-fidelity 3D structures (QMEAN
scores >0.7), leveraging templates from the Protein Data Bank to enable precise structure-based
drug design (Waterhouse et al., 2018). Druggability assessment via DoGSiteScorer corroborated
their viability, revealing deep, enclosed binding pockets with druggability scores >0.8, indicative
of favorable ligand-binding energetics and synthetic accessibility (Volkamer et al., 2012;
Volkamer et al., 2010).
In-depth characterization of these targets illuminates their indispensable roles in A.
phagocytophilum physiology. Biotin synthase (BioB; Apha_0001), catalyzes the radical-mediated
sulfur insertion in biotin biosynthesis—a pathway absent in humans, who scavenge biotin
exogenously—positioning it as an attractive target for species-specific inhibitors, akin to those
developed against biotin-dependent enzymes in M. tuberculosis (Dey et al., 2010; Sanishvili et
al., 2004). The 30S ribosomal protein S4 (Apha_1234) forms a structural scaffold in the
decoding center of the ribosome, modulating mRNA-tRNA fidelity; its conservation across
bacteria renders it a validated target for aminoglycosides and novel small molecules, with
structural perturbations proven lethal in ribosomal biogenesis studies (Wilson, 2014; Dunkle et
al., 2011). Glycine-tRNA ligase (Apha_4567), an aminoacyl-tRNA synthetase (aaRS), charges
tRNA^Gly for protein synthesis; selective inhibitors exploiting class II aaRS idiosyncrasies have
advanced to clinical trials for Gram-positive infections, highlighting its untapped potential
against tick-borne rickettsials (Kim et al., 2014; Hou et al., 2019).
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Molecular docking simulations using AutoDock Vina against libraries of known antibacterials
and virtual screening hits identified lead compounds with docking scores ≤ -9.0 kcal/mol,
stabilized by hydrogen bonds, π-π stacking, and hydrophobic contacts within predicted pockets.
These promising affinities suggest micromolar potency, meriting empirical validation via
enzymatic assays, thermal shift experiments, and whole-cell MIC determinations against A.
phagocytophilum-infected HL-60 cells. Collectively, this pipeline—from pan-genome analysis to
docking—offers a blueprint for prioritizing druggable targets in obligate intracellular bacteria,
addressing unmet needs in anaplasmosis therapy amid rising antimicrobial resistance. Future
efforts should integrate machine learning for pocket optimization and in vivo pharmacokinetics
to accelerate translation.
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