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ABSTRACT

Artificial intelligence (Al) has become one of the revolutionary elements in the modern healthcare
system and is increasingly used in the management of healthcare and also in the clinical decision
support. Its growing popularity indicates the broader digital transformation of healthcare in which
hospitals and healthcare organizations are in search of more efficient, data-driven, and responsive
means of enhancing the delivery of services to patients, patient outcomes, and operational
performance. It is against this backdrop that this article will seek to discuss the transformational
aspects of Al technologies in a healthcare system, with special reference to health care management
and clinical decision support. The proposed study will use the qualitative secondary research design
that uses thematic analysis of 15 chosen peerreviewed journal articles. Relevance to Al in
healthcare, particularly to clinical decision-making, healthcare administration, implementation,
and governance were used to screen these articles. With the help of interpretive analysis of the
literature chosen, the following four general themes were recognized. To begin with, Al supplements
clinical decision support with predictive analytics, diagnosis support, treatment planning, risk alerts,
and better speed and accuracy of clinical decisions. Second, Al is an engine of healthcare
management efficiency as it enhances workflow management, resource allocation, hospital
operations, readmission reduction, and cost performance. Third, there are various adoption barriers
that have been mentioned in the literature, which include infrastructure constraints, privacy and
security, implementation cost, lack of trust, and ethical concerns. Fourth, the four factors that
should be successful in terms of integration include organizational, human, and governance factors
like clinician involvement, explainability, training, quality management, and policy support. The
paper comes to the conclusion that Al has a significant transformational potential in a healthcare
system. Nevertheless, its efficient and effective implementation requires a strong governance,
institutional preparedness, confidence and constant human supervision.

Keywords: artificial intelligence, medical systems, medical management, clinical decision support,
thematic analysis, digital transformation

1.0.  Introduction systems which can solve tasks that would have

Al has become one of the most important
technological ~ innovations  affecting  the
healthcare systems in the course of
contemporary society. In a broader sense, Al can
be defined as the application of computer-based

been done by a human being, in terms of
learning through data, detecting patterns,
predictions and  decision-making.  Other
technologies in the field of healthcare are
machine learning, deep learning, natural

https://nmsreview.org

| Tauseef et al., 2023 | Page 83


https://doi.org/10.5281/zenodo.20023513

) Review Journal of Neurological
( & Medical Sciences Review

language processing, and predictive analytics,
among others, which are rapidly integrated to
enhance the quality of healthcare delivery in
terms of efficiency, accuracy, and
responsiveness. Because the global healthcare
systems experience the increasing burden in
terms of patient demand, workforce shortage,
the cost of treatment is increasing, and the
patients require quicker clinical decision-
making, Al has been taken into consideration as
a revolutionary tool that can enhance both the
administrative and clinical practice (Patil et al.,
2023).

The increase in Al application in hospitals and
healthcare systems indicates the pervasive
change to the digital transformation of
healthcare.  Healthcare organizations are

The field of management of healthcare is
particularly crucial to Al, and hospitals and
healthcare organizations are in a constant stress
to provide quality care at the same time being
efficient and costeffective. Staffing resource
distribution, finding the solutions that can
optimize the workflow, improving the decisions
made by the administration, and managing the
performance of the hospital can be optimized
with the help of Alsupported systems.
Meanwhile, Al is another significant contributor
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spending more on digital solutions to handle
complex patient data, optimize the workflow at
the hospital, eliminate delays, and enhance the
quality of services. In this transition, Al has
gained significant prominence due to its
capability to analyze mass information more
rapidly than the conventional system, and
produce insights to be acted upon by
professionals and managers in the healthcare
sector (Ma et al., 2023). It implies that Al is not
restricted to experimental or very technical
applications anymore, instead, it is finding its
way into the practical field in areas like patient
monitoring, risk prediction, diagnosis support,
staff scheduling, operational planning, and
clinical prioritization.

to clinical decision support as it helps healthcare
professionals to diagnose, plan treatment, assess
risks, and provide early intervention (Alowais et
al., 2023). Decision accuracy, uncertainty
reduction, and speed of critical decisions made
can be increased through Al-enhanced clinical
decision support systems, especially in high-
pressure clinical settings. Consequently, Al can
be valued not only in terms of operational
enhancement, but also in terms of patient
outcomes and quality of care in general.
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Figure 1: Integration of Al in the Healthcare sector

Source: (Datta, Barua and Das, 2020).

In spite of this increased importance, the
literature is still disjointed on the technical,

clinical, and managerial viewpoints. Most works
are quite specific to algorithm development or
the application of Al to specific diseases with
little to offer an overall perspective of how Al is
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revolutlonizing the healthcare system overall in
terms of management tasks and clinical decision
support (Nosrati et al., 2023). This poses a
significant research gap since transformation in
healthcare cannot be viewed in a context where
only technical performance is considered. An
increased attention to a more qualitative
synthesis that unites available evidence on the
broader organizational, managerial, and clinical
implications of Al in the healthcare systems is
required.

This is a significant subject in the academic and
practical realm. Academically, it serves as a
source of continuous debate on the topic of
digital innovation, transformation of the health
system, and decision making through
technology. In practice, it has some implications
to the hospital administrators, healthcare
practitioners, and policymakers who may wish to
adopt Al in a manner that enhances efficiency,
assists clinicians, and deals with issues of ethics,
governance, and adoption (Bhati et al., 2023).
Thus, the purpose of this article is to conduct
transformational research of the Al technology’s
role in healthcare systems, particularly, focusing
on healthcare management and clinical decision
support, by qualitatively examining a set of
secondary literature. The article is arranged into
six major sections, which include introduction,
literature review, methodology, findings and
thematic analysis, discussion and conclusion.

1.1. Aim

To research the transformational value of
artificial intelligence technologies in the
healthcare systems, and specifically in the
healthcare management and clinical decision

support.

1.2. Objectives

<> To investigate the use of artificial
intelligence  technologies in  healthcare

management and clinical decision support in
modern healthcare systems.

<> To examine the most significant
advantages and transformational implications of
artificial intelligence on the efficiency of
healthcare and the processes of decision-making
and service delivery.

<> To determine the key -challenges,
barriers, and organizational issues that affect the
adoption and implementation of artificial
intelligence in healthcare systems.

Volume 1, Issue 2, 2023

2.0. Literature Review

2.1. Concept of Artificial Intelligence in
Healthcare

The term artificial intelligence (Al) in healthcare
implies the use of computational systems, which
are capable of cognitive functioning (including
learning based on the data, finding patterns,
predicting, and aiding decisions). In the
literature, Als are generally talked about in
related subfields of machine learning, deep
learning and predictive analytics. According to
Ahmadi et al., 2023), Al has revolutionized the
work of the healthcare decision support by
leaving behind the old system of rules and
adopting a data-driven model that is capable of
evolving in response to the convoluted and
dynamic nature of clinical conditions. Similarly,
Abbas et al., (2023) consider Al as a sub-system
of a broader digital healthcare ecosystem where
smart systems work with interconnected devices,
mass health data, and digital platforms to
enhance service delivery. Combined with the
other studies, it is possible to propose that Al in
healthcare should be viewed not as a technology,
but as the general analytical power integrated
into the processes of clinical and organizational
work.

One of the arguments that can be found
throughout the chosen studies is that Al has
become relevant due to the fact that healthcare
systems produce extremely huge and difficult-to-
analyze data sets that cannot be examined by
relying solely on the traditional human decision-
making process. Zhao et al., (2023) demonstrate
that predictive clinical decision support systems,
especially in hospital settings, have increased in
pace with the growing use of electronic health
records. Along these lines, Badawy, (2023) state
that Al is able to translate big data into
meaningful insights to diagnose, provide care,
and logistics. Nevertheless, Igbal et al., (2023) is
less optimistic about interpreting Al as an
intelligence amplification rather than complete
automation of healthcare. This point of view is
significant as it describes Al as the device that
will make humans more knowledgeable instead
of eliminating the human skill set completely.

2.2. Al in Healthcare Management

The literature is becoming more and more aware
of the fact that Al can play an important role in
healthcare management, and direct clinical
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practice. As demonstrated by Atsushi Ugajin,
(2023), Al applications in European hospitals go
as far as care coordination, logistics, and
operational planning and find that hospitals see
significant medical and economic possibilities in
these domains. What matters to their analysis is
that they have placed Al as an organizational
resource who can enhance the quality of services
and efficiency of the resources. Similarly, Rajesh
Kumar K, (2023) state that Al-driven healthcare
management systems have the potential to
enhance coordination,
interconnectivity and personalized service
provision in contemporary healthcare settings.
Such studies thus concur that Al has the
potential to enhance hospital administration,
patient flow and operational efficiency instead of
aiding isolated clinical processes.

The measures of this managerial contribution
can also be seen in the studies, which aim at such

workflow

outcomes as the cost reduction and efficiency.
According to Donovan et al. (2023), digital
decision support interventions related to
electronic records have the potential to generate
economic benefits and decrease waste in the
healthcare systems. Equally, Abisheganaden et
al. (2023) determined that an Al-based decision
support tool was useful in reducing hospital
readmissions when it was applied to determine
high-risk patients and give specific interventions.
These results suggest that Al can have a
beneficial impact on the healthcare management
not only by benefitting the administrative
procedures, but also enhancing the utility of
resources and avoiding unnecessary services
utilization.

The literature is however not completely
homogenous in its interpretation. Although
Ding et al. (2023) suggest a rather optimistic
perspective of Al-enabled management systems,
Tadayonrad et al. (2023) demonstrate that the
gains of the managerial role relate much to the
inclusion of predictive outputs into the daily
practice. Making predictions on its own is not a
value-creating  activity, unless the staff
comprehends, believes, and takes the
recommendations into action. This
contradiction indicates that the managerial
efficiency of Al will not be guaranteed by the
technology but will depend on the integration of
the workflow and organizational preparedness.

Volume 1, Issue 2, 2023

2.3. Al in Clinical Decision Support

The most frequently mentioned usage of Al in
the studies of choice is clinical decision support.
According to Shao et al. (2023), Albased
decision support systems find more applications
in the diagnosis, risk assessment, monitoring,
and treatment-related decisions. In the same
Xiao et al (2023) believe that Al has expanded
the scope of the functionality of decision
support because the system is able to learn on
the basis of data and generate more adaptable
suggestions than the conventional rule-driven
CDSS. This shift is important as it enhances the
capability of healthcare systems to respond to
uncertainty, complexity, and time-related
decisions.

The literary sources are quite intense in their
focus on predictive ability of Al in this field. G
Jagadamba et al. (2023) demonstrate that
predictive systems of EHR data based on
machine learning are actively developed in the
hospital environment to predict deterioration
and treatment needs. Similarly, Nair et al. (2023)
show that decision support using Al can
recognize patients who have a high risk of
readmission and provide more targeted and
timely intervention. Another study by Oehring
et al., (2023) declares, using meta-analysis
research, that computerized decision support
systems tend to enhance recommended care
processes, although the level of improvement
may vary. Another characteristic shared by these
studies is that Al improves the speed and depth
of decisions, especially in scenarios where
instant risk forecasting is of clinical value.
However, significant weaknesses are also
mentioned in the literature. As Abell et al.
(2023) identified, whilst a significant proportion
of predictive CDSS research works describe
model development and testing, much more do
not involve clinicians in a substantive way during
development. However, Labinsky et al. (2023)
believe that the adequate assessment of Al-
powered CDSS should extend beyond the
accuracy and cover usability, user satisfaction,
the quality of services, and continuous
monitoring. The significance of this comparison
is that it demonstrates that technically highly
efficient models still can fail to work in the
practice when they do not correspond with the
clinical workflows or expectations of the users.
Therefore, predictive performance is not the
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only key aspect of Al usefulness in clinical
decision support, as transparency, relevance, and
human-centered design are equally important.

2.4. Benefits and Opportunities of Al in
Healthcare

In the chosen studies, Al is linked with a range
of significant opportunities, namely, increased
efficiency, enhanced decision-making,
minimized errors, predictive ability, and
enhanced hospital performance. According to
Tomas Gabriel Bas et al. (2023), Al has
significant potential in the field of «care,
diagnosis and logistics, particularly in the case of
hospitals that want to improve efficiency and
quality of service at the same time. Similar ideas
are expressed by Mishra and Singh. (2023), who
state that the smart healthcare systems can make
care more personalized and more responsive
based on improved data utilization and their
coordination into the system. These articles thus
concur that Al has a transformational value in
clinical and management sectors.

These advantages are especially the focus of the
predictive power of Al. Meunier et al. (2023)
demonstrate that decision support systems have
the potential to enhance the care process,
whereas Rammohan et al. (2023) present a
practical solution of the improvement of the
service measured by the decrease in the number
of readmissions. This is solidified by Panagoulias
et al. (2023) who associate decision support and
economic benefits. In a similar way, P.
Palanisamy et al. (2023) present the use case
examples in which Al-based diagnosis and
remote monitoring decrease the number of
unnecessary hospital visits and enhance safety.
Collectively, these studies indicate that the most
promising area of Al is the enhancement of
professional judgment, which can be used
sooner, and allow more focused utilization of
scarce healthcare resources.

2.5. Challenges and Concerns

Though these are positive factors, there are still
significant concerns in the implementation of
Al in healthcare that are identified by the
literature. The lack of transparency, privacy, cost
of implementation, interoperability, lack of
transparency, and resistance of clinicians are
mentioned in the sampled studies on multiple
occasions. Antal Zemplényi et al. (2023)
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mention that the lack of trust, sensitive data
necessity, ethics, and difficulty with choosing
relevant technologies are obstacles to adoption
in hospitals. Similarly, Alaa Awad Abdellatif et
al. (2023) single out infrastructure constraints
and system integration challenges as the major
obstacles in the way of intelligent healthcare
systems. These researches indicate that there is a
great consensus that technical potential in itself
cannot be adopted successfully.

This argument is reinforced by more critical
studies of implementation. Health. (2023) state
that a low percentage of Al and ML models are
ever applied to clinical care due to the inability
of organizations to deploy, govern, and manage
the life-cycle. On the same note, Aboueid, et al,
(2023) discovered that the lack of resources,
poor business cases, and low adoption readiness
are some of the barriers in German hospitals.
Unlike more general review articles that dwell on
the potential of Al, such studies highlight the
fact that the true challenge is to integrate Al in a
responsible way into the healthcare systems. This
indicates that algorithmic performance is not as
significant as governance, training, stakeholder
involvement, and organizational capacity are in
determining the extent to which Al is actually
transformative.

3.0. Methodology

3.1. Research Design

The paper has assumed a qualitative secondary
research design. The design is suitable because
the article objective is not to create new
numerical data in surveys and experiments but
to construct a critical knowledge of how artificial
intelligence is changing the healthcare systems
based on the current knowledge in the scholarly
field. Instead of focusing on a specific data set,
the secondary qualitative design enables the
research study to examine academic evidence
published in a systematic and interpretation way,
which is especially appropriate when the topic of
interest is Al in healthcare the literature in this
area is extensive, multidisciplinary, and
conceptually varied Morrow et al. (2023).
Instead of depending on a single hospital, a
single technology, and a single clinical specialty,
this design allows synthesizing findings across
more than one study and finding more general
patterns in terms of healthcare management and
clinical decision support.
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3.2. Research Approach

The paper takes an interpretivist-bent qualitative
review method in its operationalization, and the
form of themes of literature analysis. The cited
approach is valid since the article aims at
explaining meanings, trends, and repeated
arguments of the chosen studies instead of
proving a statistical hypothesis (Ghanad, 2023).
In this case, an interpretive orientation will
come in handy since the issue of Al in healthcare
is not merely technical, but also an
organizational, managerial and socio-clinical
phenomenon. Thus, the goal will be to learn
how the role of Al, its benefits, barriers, and
implications in the healthcare systems are
described in the existing studies. The thematic
analysis is quite appropriate to this kind of
inquiry since it allows the researcher to notice
recurring ideas within the different sources and
sorting them into significant themes to be
discussed.

3.3. Data Source

The information to conduct this study was
obtained in 15 selected peerreviewed journal
articles which were given and filtered according
to their relevance to the topic of artificial
intelligence in the healthcare systems. These
articles constituted the final body of analysis
since they provided the best fit to the research
topic especially in terms of healthcare
management, clinical decision support, Al
deployment, organizational adoption, and
governance concerns. The choice of peer-
reviewed journal articles enhanced the academic
credibility of the study because such articles are
usually reviewed by academics and controlled
with regard to quality standards (Sabitri Majhi et
al 2023). The use of the selected journal
literature also provided certainty that the
analysis  would be evidence-based and
concentrating on reliable academic
contributions instead of informal and non-
scholarly commentary.

3.4. Inclusion Criteria

Inclusion criteria were used to select the articles
to make them consistent and relevant. The
inclusion criteria included articles that were:

<> peer-reviewed journal articles,5
<> written in English,
<> directly  connected to artificial

intelligence in the healthcare,

Volume 1, Issue 2, 2023

<& was healthcare
management and/or clinical decision support,

and

interested in

< appropriate enough to support the
purpose and the goals of the study.

The importance of these criteria was that it
helped in reducing the dataset to ones that could
make a significant contribution to the research
question.  Specifically, the emphasis on
healthcare management and clinical decision
support made sure that the review was closely
related to the analytical scope that the article was
aimed at.

3.5.  Exclusion Criteria

Simultaneously, a number of exclusion criteria
were used in order to enhance the quality of the
final sample. Articles were filtered out that were:

X duplicate papers,
< high technical or engineering-based
studies that are relatively unrelated to healthcare
systems,
< not connected with management or
decision support,
< only marginally applicable to the subject
of the study, or

y
X inaccessible to be reviewed adequately.

Such an exclusion process was explained by the
fact that not every paper related to Al in the
medical field is useful to conduct a qualitative
review in a systems-oriented manner. Other
papers were too focused on algorithm design or
disease-specific technical modelling without
suggesting what it may imply on a larger scale in
clinical ~ decision-making  or  healthcare
administration. The omission of such works
aided in keeping the concepts conceptually clear
and analytically insightful.

3.6. Data Analysis Method

The thematic analysis was used to analyze the
selected articles. The reason behind using this
technique is that, it provides a flexible yet
rigorous approach to identifying, organizing and
interpreting recurrent ideas within a body of
qualitative evidence (Yanto, 2023). Analysis took
place in a number of steps. To begin with, all the
chosen articles were thoroughly read to become
familiar with their goals, conclusions, and ideas.
Second, common concepts and patterns were
determined in the studies. Third, these common
themes were coded into initial categories, which
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mcluded Al in clinical decision support, Al in
healthcare management, benefits of Al, and
barriers to implementation. Lastly, similar
categories were joined together in larger themes
of analysis, which constituted the findings and
discussion parts. This procedure helped the
study to go beyond mere summary and to critical
synthesis.

3.7. Ethical Considerations

No human subjects or primary data were used in
this study since the research took the form of a
review of academic materials. As a result, there
were no consent, anonymity, or harm risks of
participants. However, the issue of ethics
mattered. Only publicly available scholarly
materials were used in the study, the selected
studies were fairly represented and were referred
to properly. This had to be done to guarantee
academic integrity, prevent plagiarism, and
maintain transparency in the interpretation of
the current research.

4.0. Findings and Thematic Analysis

The results of this paper were constructed by
thematic analysis of the 15 articles selected on
artificial intelligence in healthcare systems that
were peer reviewed. The review was aimed at
defining patterns and common arguments and
issues that were recurrent in the literature
related to healthcare management and clinical
decision support. The consultation of the
chosen studies in the form of rereading and
coding led to the formation of four key themes
Grootscholten et al (2023). These themes echo
the most recurring themes discussed within the
literature, that is, the role of Al in supporting
clinical decisions, its influence in improving
efficiency in healthcare management, the
impediments to  its  adoption, and
organizational, human, and governance aspects
involved to enable successful integration. The
structure of these themes makes the study go
beyond mere description of the phenomenon
and offers more of an interpretive explanation of
how Al is revolutionizing health care systems
both clinically and managerially.

4.1. Theme 1: Al as a Tool for Enhancing
Clinical Decision Support

The initial broad theme that was identified
based on the chosen studies is that artificial

Volume 1, Issue 2, 2023

intelligence has greatly enhanced clinical
decision support since it helps in enhancing
predictive analytics, treating and diagnosing
illness and the pace of decision-making.
Throughout the literature, Al is reiterated as a
device that assists clinicians in processing
complicated information about patients more
efficiently and transforming this data into
prompt and pertinent clinical interventions.
According to Karlafti et al. (2023), a clinical
decision support system based on the use of Al
is becoming more and more actively
implemented in the field of diagnosis, triage,
referral screening, and monitoring, especially in
settings where a clinical workflow involves
working with large amounts of data within a
short period. Equally, Rainy et al. (2023) affirm
that Al has grown the role of decision support
systems by going beyond the conventional rule-
based reasoning to adaptive, data-driven
reasoning. These articles indicate that Al
enhances CDS by improving analytical capacity
in cases in which manual decision-making can be
slower or less predictable.

One of the key strengths that are mentioned in
the chosen studies several times is that Al
systems are predictive. Choi et al., (2023) have
discovered that machine-learning-based
predictive CDSSs are extensively created within
hospital environments to predict clinical
deterioration, treatment requirement, and other
patient outcomes based on electronic health
record data. Similarly, Ahmad Yousaf Gill et al.
(2023) have shown that Al-driven decision
support may pinpoint patients with high-risk of
readmission to the hospital, thus letting care
teams intervene earlier and more decisively. This
fact is notable as it indicates that Al can decrease
clinical uncertainty by assisting healthcare
professionals in determining those patients who
are more susceptible and on which patients’
medical attention should be prioritized. This
argument is also supported by Anindya Pradipta
Susanto et al. (2023) in their meta-analysis,
which demonstrates that computerized clinical
decision support systems are typically linked
with quantifiable increases in the recommended
processes of care. Collectively, such results
suggest that Al can be used to advantage CDS
not just in risk prediction, but also by increasing
the predictability and promptness of clinical
intervention.
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The chosen research also hints at the fact that Al
can help to provide more accurate diagnostic
help and surveillance. de et al. (2023) give the
examples of the European hospitals where Al
has been implemented in the diagnosis of
coronary artery disease, detection of arrhythmia,
and monitoring of the fetal during the labor.
These applications show that Al can help
clinicians by detecting the relevant patterns in
the complex data sets and generate alerts or
recommendations that aid them in making
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Figure 2:Al-enabled clinical decision
support workflow in healthcare

Source: (Ji et al., 2021)

Nonetheless, the literature indicates that
technical accuracy is not the only factor that
predetermines the success of Al in the field of
clinical decision support. Lukka and Palva
(2023) discovered that most research pays much
attention to the development and validation of
the model but rarely engages clinicians to play an
important role in the design and development
phase. Contrarily, Magrabi et al. (2019) also
believe that Al in CDS should be assessed, not
based on accuracy alone in its algorithms, but on
the usability, the quality of its services, the level
of satisfaction, and the practical application
results. This analogy is important as it shows a
difference between clinical usability and
technical innovation. Thus, although it is
evident that Al is a vast improvement to clinical
decision-making, its transformative power lies in
the ability of the systems to be trusted,
understandable, and consistent with real clinical
processes.

Volume 1, Issue 2, 2023

timely decisions. Similarly, Theodosiou and
Read (2023) demonstrate that antimicrobial
practice decisions regarding treatment can be
informed by machinelearning-based decision
support, which implies that Al can affect both
decision making and decision taking. To this
end, Al does not imply a passive analysis of the
data, but rather the active reinforcement of the
clinical reasoning process with the risks, which
narrow the uncertainty and provide more active
care as depicted in the following image.

4.2. Theme 2: Al as a Driver of Efficiency
in Healthcare Management

The second significant theme is that Al plays an
important role in increasing the efficiency of
healthcare management by enhancing the work
of the hospital, its administration, resource
distribution, workflow, and performance results.
Although Al is frequently mentioned in
connection with the field of diagnosis and
clinical care, the chosen articles demonstrate
that its usefulness is highly applicable in
managerial and operational spheres. As Wei and
Chen Xiaoyu. (2023) state, Al can assist
hospitals with their logistics, scheduling, patient
flow, and service planning, which, in turn, leads
to the efficiency of the system and organizational
responsiveness. Likewise, Kouroubali et al.,
(2022) predict that an Al-enabled healthcare
management system will be able to combine the
data across the platform as well as promote more
coordinated service provision, especially in the
increasingly digital healthcare setting.

A number of studies prove that Al may enhance
operational efficiency because it allows
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healthcare providers to utilize resources more
efficiently. Wang et al. (2022) offer one of the
most effective practical examples as they
demonstrate the Al-driven clinical decision
support decreased the rates of hospital
readmission by detecting the high-risk patients
and encouraging the care teams to act more
effectively. This result has an obvious managerial
implication since lower readmissions are
associated with not only better patient
outcomes, but also better bed capacity, care
coordination and better cost management of the
institution. Similarly, Althabatah et al. (2023)
discovered that decision support interventions
based on electronic health records have the
potential to produce economic returns,
especially by facilitating more efficient care
process and lowering non-essential expenses.
According to these studies Al may enhance the
healthcare management system through its role
of connecting operational intelligence to the
enhanced utilization of time, human resource
and institutional resources.

The other significant input of Al in healthcare
management is  workflow  optimization.
According to Junaid (2022), new healthcare
technologies such as Al simplify the process of
integrating monitoring, communication, and
analysis of data during care across care systems,
which simplifies administrative work and
minimizes delays. Similarly, the general hospital
use cases presented by Damiani et al. (2023)
indicate that Al-assisted procedures can alleviate
the overstraining healthcare setting by
facilitating coordination of services and
expediency in decision-making. The general
trend of these studies is that Al can be used to
make healthcare systems more receptive as they
enable managers and clinicians to become more
informed in a reduced amount of time.

Along with these advantages, it has also been
noted in the literature that there is no guarantee
that managerial efficiency will be achieved.
Contrary to more positive descriptions,
implementation-oriented literature proposes
that Al can only enhance the performance of the
hospital in the presence of the integration of a
system into the current working processes and
facilitated by the personnel involvement.
According to Jacqueline et al. (2023),
predictive tool proved to be effective as it was
associated with multidisciplinary follow-up
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procedures and not used separately. It means
that Al is best implemented in healthcare
management when it is integrated into a larger
structure of organizational activity instead of
being viewed as a technological solution.

4.3. Theme 3: Barriers to Al Adoption in
Healthcare Systems

The third connection that may be observed in
the chosen literature is that Al implementation
in the healthcare system is limited by various
technological, financial, ethical, legal, and
human challenges. Even though the possibility
of Al revolution is generally acknowledged in the
literature reviewed, numerous studies emphasize
the fact that it is still challenging to apply the
technology to the actual healthcare context.
According to Di Fede et al. (2023), hospitals are
facing several challenges, such as issues related to
trust, privacy requirements, data protection
needs, and the need to have proper regulatory
frameworks. On the same note, Bagherian et al
(2022) claim that technological infrastructure
issues, interoperability issues, and difficulty in
processing vast amounts of health information
are obstacles to successful implementation.
Other important issues are cost and
organizational preparedness. In their analysis of
German hospitals, Hradecky et al., (2022)
discovered that the participants perceived the
unclear business cases, scarcity of resources, and
the institutional ill preparedness as significant
challenges to the implementation of Al It
means that, despite the level of interest of the
healthcare organizations in Al, there is a risk that
they will not be able to afford investment or to
develop  the required technical and
administrative capacity. Manlhiot et al. (2022)
echo this statement by stating that a very small
percentage of developed Al and machine-
learning systems ever become routinely used in
clinical practice, in large part due to the
challenge of commercializing research tools into
deployable and serviceable health care solutions.
Human and ethnic obstacles are also brought
out in the literature. There are still the primary
issues of privacy, security, and bias since Al
systems are based on extensive patient databases,
frequently collected on the basis of highly
sensitive clinical data. According to Zhang and
Zhang. (2023), the increasing application of Al
in health information management brings out
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significant concerns regarding data governance,
quality of information, and professional roles.
Farah et al. (2023) state that Al evaluation in
healthcare should be assessed based on safety
and transparency, as well as practical
implications  instead of the technical
performance indicators. These gut feelings reveal
that adoption is not a technical matter; it is also
influenced by legal responsibility, moral
acceptability and an institutional trust.

Also, another theme that is recurring is
resistance of healthcare staff. According to Chen
et al. (2022), clinician engagement in the
development of predictive Cases is not common
even though its absence may undermine
acceptance and usability. This implies that trust
in Al is highly correlated with perceptions of the
clinicians that the systems represent actual
clinical requirements and professionalization.
Thus, the barriers to Al adoption that were
found in the literature suggest that the Al
transformation in healthcare is not only limited
by infrastructure and cost, but also by trust,
regulation, and acceptance of the workforce.

4.4.  Theme 4: Organizational, Human, and
Governance Factors in  Successful Al
Integration

The last major theme is that organizational
learning, involvement of clinicians, governance
systems, explainability, quality assurance, and
interdisciplinary collaboration are critical to the
success of integration of Al. In the chosen
studies, a high level of consensus exists,
according to which technological capability itself
does not guarantee meaningful change. Jarrahi
et al., (2022) believes that the adoption of Al
must be perceived as organizational learning
when technology makes people smarter instead
of smarter. This view is significant as its re-
existentialists the implementation as a socio-
organizational process that needs adjusting,
thinking, and the support of the institutions.
The role of clinicians becomes one of the most
critical human factors of successful integration.
Schwartz et al., (2022) discovered that a high
percentage of predictive studies in CDSS do not
mean clinician participation, even though they
need to be involved to be relevant, trusted, and
fit into the workflow. Similarly, Bartels et al.,
(2022) suggest that Al in hospital care needs to
be managed by systems of quality, guaranteeing
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the implementation of Al safely, its monitoring,
and optimization throughout the technology life
cycle. Based on these findings, effective Al
implementation does not simply require the
development of appropriate models, though it is
equally important to incorporate these models
into organizational operations, which can
promote quality, learning, and engagement with
users.

Explainability and governance are also on the
forefront. According to Kim et al, (2023) Al
systems are to be evaluated within the context of
system quality, service quality, user satisfaction,
and practical implications, and this is why more
comprehensive governance frameworks are
required. Similar points are made by (Paul,
2022), according to which the level of data
management, professional supervision, and
institutional readiness is required in a more Al
dependent environment of healthcare. Contrary
to general technological optimism, such studies
highlight that policy frameworks, staff education
and interdisciplinary teamwork are mandatory
in case Al may be introduced with responsibility
and sustainability. Comprehensively, this theme
helps directly to support the purpose of the study
by demonstrating that the transformational role
of Al in healthcare systems relies not just on
what the technology is capable of doing, but also
on how the organizations prepare, govern and
integrate Al. The most transformative uses of Al
thus involve technical innovation and human-
centered design, quality assurance, and
implementation in collaboration with a
healthcare institution.

5.0. Discussion

The results reveal that artificial intelligence is
reshaping the healthcare systems in clinical and
managerial aspects, although its effects can be
felt more effectively when the two aspects are
considered in combination than separately. On
the one hand, the reviewed articles demonstrate
that Al can enhance clinical decision support by
means of prediction, risk stratification, the
appearance of alerts, faster interpretation of
patient data, and so forth. Conversely, the same
literature reveals that these clinical benefits are
often converted into more comprehensive
management results like less readmission,
improved flow of patients, and increased
utilization of resources. It implies that the
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transformational aspect of Al is not only to
facilitate the personal clinical judgments but also
to enhance the overall functioning of medical
systems Abigael Kuponiyi et al, (2023).

One of the most important questions to ask
during the analysis is whether the use of Al
seems to be more successful in clinical decision
support or in healthcare management.
According to the chosen studies, the
information to support the decisions is more
evident and direct. A number of studies offer
specific examples of Al helping in diagnosis,
prognosis, and treatmentrelated decisions,
particularly in hospital environments with
plenty of data, whereas meta-analytic and
implementation studies indicate quantifiable
positive changes in care processes and patient
risk identification Magnavita et al., (2023).
Comparatively, the evidence on healthcare
management is also favorable, albeit in a more
indirect way, since the benefits of management
are likely to occur when the clinical intelligence
is effectively linked to workflow redesign,
scheduling, logistics, and resource planning
Coutts et al., (2022). Al now seems to be more
of a decision-support system, but its greater
management potential can be revealed when the
institutions combine both clinical and
operational applications successfully.
Meanwhile, the literature clearly indicates that,
technological potential in itself does not
necessarily result in organizational
transformation. The possibility of improving the
quality of data, its accuracy, and efficiency and
the quality of the services offered by Al has been
expected with optimism by many studies, but the
implementation-oriented  papers repeatedly
highlight the presence of practical barriers, such
as the lack of trust, data governance issues, high
implementation costs, weak interoperability,
and the lack of institutional preparation
Adepoju et al.,, (2023). In this regard, the
literature is justified in a sense of understanding
Al as transformative but conditional. Its
advantages exist, but they require that the
healthcare organizations have the infrastructure,
skills, and management that are required to
transition through experimentation to regular
utilization.

The other significant implication of the findings
is the relevance of human control and
management. The analyzed literature does not
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prove the fact that Al is to substitute clinicians.
Rather, they keep implying that Al is optimal
when it expands human knowledge, alleviates
cognitive load, and aids in multidisciplinary
decision-making. Kouri et al, (2022)
demonstrate that in most predictive CDSS
studies, clinicians are not engaged, and Ispas et
(2023) write about the fact that quality
management systems, lifecycle management, and
multidisciplinary expertise are necessary to
implement it safely. This implies that Al is to be
viewed as a supporting and not an independent
system particularly in healthcare where decision-
making is informed by uncertainty, morality,
and situational judgment.
These results have significant implications on
hospitals, managers and policy makers. The
approach of the hospitals to Al should be not a
single innovation, but a part of broader
organizational change with workflow design,
staff interaction, and training. Managers should
not only acquire Al tools, but also align them to
operational priorities, data systems, as well as
human abilities. In the meantime, policymakers
must encourage more transparent systems of
governance, investing in digital infrastructure,
and professional capacity-building to make Al
adoption ethical and safe as well as equitable. In
general, it is possible to indicate that the future
usefulness of Al in healthcare will be less
contingent on the novelty of algorithms and
more on the quality of their implementation

Sauerbrei et al., (2023).

6.0. Conclusion

The present article tried to discuss the
transformational role of artificial intelligence in
healthcare systems, specifically healthcare
management and clinical decision support, by
qualitatively examining secondary literature of
choice. The review shows that Al has significant
opportunities to transform the sphere of
healthcare and enhance predictive performance,
aiding in diagnoses and treatment-related
decision-making, enhancing the functioning of
the hospital, and making the healthcare facilities
use more effectively Lin et al., (2023).

The key conclusions show that Al is now best
developed as a clinical decision support tool
especially in prediction, monitoring, and risk
detection. Nonetheless, its implications are also
diverse regarding the direct clinical application
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because Al may also aid in workflow
optimization, readmission, cost management,
and the overall efficiency of operations Akter et
al., (2023). Meanwhile, the research establishes
that the use of Al is still determined by the key
limiting factors such as the limitations of the
infrastructure, the issue of data privacy, the cost
of implementation, the lack of trust, and the
necessity to have more robust governance and
professional engagement (Hangl et al., 2023).
Consequently, even though Al shows evident
transformational opportunities, the successful
implementation of these systems relies not only
on technical precision or innovativeness. Both
governance and trust, digital infrastructure,
clinician engagement, and interdisciplinary
collaboration become necessary prerequisites of
meaningful and sustainable implementation. Al
cannot be perceived as a substitute of healthcare
professionals, but a supporting feature that can
enhance clinical and managerial decision-
making in the case of responsible integration
into healthcare systems Chew et al., (2022).
Future studies can no longer focus on the
technical development of models, but rather
ought to take into account more practical
research on implementation, governance,
clinician acceptance, and long-term system
influence, particularly in a variety of healthcare
environments.
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